












Figure 5. Results. Left: NVOS [37] (from their paper), Middle: reference masks from NVOS-dataset, Right: Our ISRF system. More
results can be seen in the supplementary document.

5. Experiments

In this section, we discuss various feature-matching vari-
ants we used to obtain the high-confidence seed region. Ad-
ditionally, we show some immediate applications of radi-
ance field segmentation.

5.1. Ablations

In order to obtain a high-confidence region, which acts
as a seed for the bilateral filter, a feature-matching tech-
nique is required to match the marked features with the dis-
tilled semantic features in the volumetric space. To this end,
we experimented with three different feature matching tech-
niques, namely (1) Average Feature Matching, (2) Nearest
neighbor Feature matching(NNFM) (3) K means + NNFM,
which are compared in the Fig. 6. It can be easily inferred
from Fig. 6b that average feature matching performs poorly
in this task. In order to improve these results, we resort to
the nearest neighbor feature matching. Though this recovers
a good high confidence region, it is accompanied by addi-
tional noise as seen in Fig. 6c Furthermore, as the marked
region’s size grows, computation also becomes tedious in
this case. To address this, we cluster the features using K-
means clustering and then do an NNFM that reduces com-

Step Time Taken
Pre-training radiance field 7 mins

Training feature field 2.5 mins
K-Means Clustering 2 secs
3D Feature Query 1 secs

Bilateral Region Growing 0.3 secs

Table 1. Timings of different steps of the ISRF pipeline

(a) Ground Truth (b) Average Feature Matching

(c) NNFM (d) K-Means + NNFM

Figure 6. Feature Matching: This figure shows the high confidence
region of the RF (a) obtained using different feature-matching
techniques for a particular stroke. While Average feature match-
ing (b) fails to cover the entire object due to loss of information
during the averaging process, NNFM (c) without clustering leads
to noise bleeding. Use of NNFM after clustering (d) eliminates
noisy regions while also considering multiple features at once.

putational overhead and avoids noisy matches, as seen in
Fig. 6d. When K = 1, clustering results in mean features
of the selected stroke, and as K approaches high values, the
search approximates NNFM.

5.2. Editing

After obtaining a good segmentation, many appealing
opportunities for editing open up:

Object Removal: The removal of an object from the scene
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